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A Study on Railway Passenger Volume Forecast Based on Improved

Markov Model
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Abstract: To improve the accuracy of railway passenger volume forecast, the value range of state division intervals in the
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Markov model was studied under better forecast accuracy conditions, and then the model was improved based on the results.
The railway passenger volume in Beijing from 2004 to 2019 was forecasted using a multilayer perceptron neural network.
The improved Markov model was then used to adjust the forecast results from the neural network, and the results were
compared with those from Markov models using equal division and mean-variance method for state interval division. The
findings indicate that the improved Markov model reduces the complexity of the forecasting process and has higher forecast
accuracy. Compared to the models using equal division and mean-variance method for state interval division, the improved
Markov model reduces the forecast errors by 0. 601% and 0. 683 % respectively.
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